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Abstract.  

The purpose of this study is to analyze herding and awareness factors affecting investor’s 

sentiment of individual investors and their decision making. This study is done by using a 

questionnaire, contains various items, including investor’s sentiment, herding behavior, social 

interaction, media, and advocate recommendation. The sample consists of individual investors 

in the Indian stock market. To examine the relationship between herding behavior, 

awareness factors and investors’ sentiment are hypotheses and tested by using multiple 

regression analysis. This paper provides empirical insights into the association of 

heuristic factors that have a positive influence on investor’s sentiment and decision 

making. The awareness factors enable an investor to make suitable decisions and to 

manage and understand the risk of an investor. The findings of the study have a significant 

implication for individual investors and to avoid the problem faced upon while making an 

investment decision. Policymakers can provide awareness and understanding to the investors 

about the proper stock decision, awareness campaign considering the different classes of 

investors, which could be highly useful for decision-makers and professionals in financial 

institutions. This paper helps investors to choose an appropriate investment aid and avoid 

repeating expensive errors, which arise due to investors’ sentiment. It is suggested that if 

individuals are aware of all these factors, they may become alert before making irrational 

investment decisions and the investors are reminded that understanding the financial 

settings before investing. Policymakers in the stock market can also able to understand 

the behavior of retail investors before giving guidance. To the best of the authors’ 

knowledge, the present study is a first of its kind to investigate the relationship between 

investors' sentiment, heuristic factors of individual investors in India. 

Keywords: Investor sentiment, Heuristic, Investment performance, Partial least square. 

 

1. Introduction  
The investors’ sentiment is one of the useful measures in behavioral finance. As a 

result, in recent years, it has been used extensively in the stock market. The field of finance is 

highly ruled by the rational thinking process and it is very evident that all the rational 

decisions of an investor are backed up by sound theory with relevant facts. Behavior finance 

theory is mainly concentrated on the study of investors’ irrationality and stock market 

investment along with the cognitive process of investment behavior. It means that the 

behavior of an investor can be predicted, analyzed, reviewed and judged to understand 

investment psychology (Fromlet 2001). In the case of academics and practitioners, the process 

of decision making is a challenging task for market participants. The classical theory is highly 
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focused on the market and the rational thinking process of the investor. The intense classical 

theory of standard finance states that an investor is a rational decision-maker in all financial 

decisions and it tends to have a good vision about the forthcoming uncertainty in investments. 

Modern finance describes the link between the investment performance of individuals and 

heuristics. Investor sentiment has been an interesting field in finance for many years.  The 

study of Brown and Cliff (2004, 2005): Kumar, et al (2006): Baker and Wurgler (2006 2007) 

mainly focused on how investors’ sentiment has an influence on asset prices in the stock 

market. The researcher attempts to identify the various factors influencing investors. This 

paper shows that a relationship between heuristic, investor sentiment and investment 

performance. Online platforms are increasing with the pace of time offering high flexibility 

alone with minimizing the uncertainty in decision making as these platforms guide the 

investor by giving real-time data, quick analysis with a suitable prediction regarding the stock 

market. This trend is highlighted in the work of (Barber and Odean 2001) who mainly focused 

on the investment performance and trading behavior, of investors who have switched from the 

traditional model of trading to an online channel platform. Investors’ sentiment can be 

described as the positive tendencies of an investor towards certain stocks which allow them to 

arbitrage across the price variations in the security market. It may include optimism, investor 

participation, and stock market outlook. This paper put forth to the literature of investors’ 

sentiment in the stock market. 

The key aim of this study is to find out how the heuristic factors namely herding, 

overconfidence, anchoring and disposition effect influencing investor sentiment leading to 

investment decision making. Therefore, the major objectives framed for this study is to find 

how the heuristic factor are influencing investor sentiment and investment performance and 

decision making in the stock market. Explain the relationships between these elements that 

can help investors know their behavior in-stock selection and make a better investment 

choice. Generally, this study mainly gives to literature by aiming at the association between 

investment performance and heuristics, as well as ascertaining the mediating effect of investor 

sentiment which influences the individual performance of individuals. 

This paper is structured in the following sections: a review of research work 

undertaken in the field of behavioral finance by eminent researchers has contended in the first 

section, a theoretical framework is designed, discussed based on the literature reviewed and 

framing of hypothesis in the second section. The third section shows how the theoretical 

framework is empirically tested by the research methodology. The fourth section showcases 

the analysis and results of the paper. The fifth section talks about the discussion of the study 

and section sixth section shows limitations and future research. The final section highlighted 

the implication and conclusion of the study.  

 

2. Research model and hypothesis development 

This paper is built on the foundation of the work of an eminent researcher in the area of 

behavioral finance. The research work in this field reveals that investors' behavior is highly 

influenced by their psychological factors rather than rationality. The stock market is made up 

of various members who interact with each other and with society at huge, it is very clear that 

there is a role of an individual psychological factor in decision making. 
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2.1 Heuristics Theory 

Heuristics theory is defined as an easy and efficient rule which individuals used in the 

absence of reliable information to avoid complexity (Bingham & Eisenhardt, 2011). 

Kahneman and Tversky (1974) Identify three main heuristics that investors can use as 

anchoring, représentativités, and availability in their decision-making. While investors were 

using heuristics, they start reducing the mental energy in the process of decision-making, but 

even this tends to lead to mistakes in judgment and, as a consequence, investors make 

incorrect Investment decisions which could lead to an inefficient market. “A heuristics is a 

strategy that ignores part of the information to make décision more quickly, frugally and/or 

accurately than more complex methods” (Gigerenzer and Gaissmaier, 2011). Kahneman & 

Tversky (1979) stated that irrational individuals used heuristics when making their 

decisions even if they failed to assess the ideal probability. Numerous financial economics 

researchers argue that certain heuristics can affect financial decision-making and estimate 

financial variables (Debondt & Thaler, 1990; Abarbanell & Bernard, 1992). 

Anchoring heuristics that, the people décide based on an initial statement (Pompain, 2011). 

Shiller (2000) studied that Investors prefer to be optimistic about the bull market, and 

pessimistic in a bear market. Montier (2002) points out that investors use prior share price as 

an anchor for today's share price, resulting in underreactions to financial information and 

stock price changes. 

Shefrin and Statman (1985) suggested that the impact was stated for a variety of investor 

types, countries and asset classes that investors usually sell trading performance too early and 

hold on to loser stocks for too long which is called the "disposition effect". 

When considered extremely their performance, their skills and their knowledge, the term is 

overconfidence (Hvide, 2002). The overly confident individuals underestimate the risk and 

overestimate their knowledge. They trade high on the stock market because of their 

overconfidence Nofsinger (2016). 

Herding is a tendency of an investor to imitate the trading pattern of another investor. 

Christie and Huang (1995) define that herding is a tendency to follow the action of others. 

When investors are influenced by others in stock markets, it is referred to as herding 

(Hirshleifer 2001). Herd behavior can be well-defined as an affinity between the investors to 

follow the same strategy of other successful investors rather than their theories and techniques 

Bikhchandani & Sharma (2000). Banerjee (1992) Bikhchandani et al. (1992) found that expert 

individual investor keeps their practice of investment behavior by the decision of expert 

investor which is also influencing the market conditions thereby increasing the market risk. 

Devenow and Welch (1996) pointed out herding is a pattern of behavior that is related to 

individuals. Waweru (2008) found out that trading of investment is highly influenced by the 

decisions of experts. 

Investment is the money-investment act or state with the expectation of better benefit. 

Having invested through research and maintaining a clear mind can bring success. Each 

investor wants their investment to yield maximum returns. Sharpe (1964) demonstrated the 

highest level of risk to make comparisons decisions from a benchmark position for a detailed 

level of return. A few research in recent decades has shown that optimal and rational decision-

making depends on knowledge of finance; the more financial knowledge a person has, the 

more rational a decision (Merton, 1987). The thoughts and opinions of investors can change 

the decision-making process from rational to irrational (Baker and Nofsinger, 2002). 
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 Overconfidence heuristic and investors’ sentiment 

Heuristics theory is defined as shortcuts in decision making which were used by people to 

reduce the work involved in the process (Shah & Oppenheimer, 2008). Winning choices are 

created not on strong facts but also emotional evidence (Nicholson, 2013). For instance, 

overconfidence in behavioral finance is one of the supreme known psychological 

characteristics or heuristics (Baker, Filbeck & Ricciardis, 2017). Overconfidence is the 

strongest heuristic in which the individual uses Investors in making investments (Waweru et 

al., 2008). In a state of uncertainty, people deny several considerations, such as evaluating a 

stock or invest (Tversky & Kahneman, 1974). Investors using heuristics in unpredictable 

circumstances, because they regularly struggle to assess accurately the probability of an 

incident occurring (Gilovich et al., 2002).  In, heuristics theory, overconfident investors 

overrate their cognitive abilities and judgment (Pompian, 2011) knowledge and ability 

(Fischhoff et al., 1977). In keeping with the theory of heuristics, overconfident investors focus 

on their knowledge consistency and greater give effect to their private information (Daniel & 

Titman, 2006) to avoid confusion and create quick decisions. Hence, we develop the 

following hypothesis 

H: Overconfidence heuristic is significantly influencing investors’ sentiment. 

 

 Anchoring heuristic and investors’ sentiment 
Anchoring Heuristic states to the behavior to predict value by considering the or the 

defaulting sum or initial value (Pompian, 2011). The anchoring is related to 

representativeness, in that investors depend on current experience and are positive while the 

market is up-and-down and pessimistic (Shiller, 2000). Overall, certain conditions take hold 

of investors to change the price of stocks that are more consistent with the price of prior 

stocks. Investors consider past stock prices as bases for predicting potential stock prices. 

Some of this thinking leads to investor sentiment. A word of insight for investors may be, 

don't evaluate a stock by its stock price and don't over- or under-react to stock prices. 

Investors are focused on trading strategies because such knowledge tries to catch their 

attention and tends to lead them to assume that value stocks are useful. While investors act in 

this way-combining fixed prices by prior stock prices and concentrating on general stocks-

they developed investor sentiment. Hence the following hypothesis was developed 

H: Anchoring heuristic is significantly influencing investors’ sentiment 

 

 Disposition effect heuristic and investors’ sentiment 
Another significant behavioral bias is the disposition effect when buyers are more likely to 

sell the winning stock and prefer to hang on to the asset loss-making. Odean (1998) found that 

at the end of the year, investors are much more willing to sell loss-making assets because of 

tax motivation. A conceptual framework concerning the sale of the expected to win stock and 

going to hold on to the loss-making asset was formed, which is also endorsed by scientific 

evidence (Shefrin and Statman 1985). Additionally, numerous research studies (Barberis and 

Xiong, 2009)observed an indication for the disposition effect has been generalized. 

The disposition effect is the tendency wherein investors prefer to realize the gains while being 

reluctant to make losses (Shefrin & Statman, 1985). Shafran et al. (2009) studied that 

investors are sensitive to disposition effects but also influenced by the terms of trade investors 
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prefer to trade superior stocks early to realize the gains and appear to take the expected to lose 

stocks long to slow down the loss. The desire to prevent losses is far more than being able to 

accept profits. Investor final decisions are not based on the Perceived losses but expected 

profits (Zahera & Bansal 2018). 

H: Disposition affect heuristic is significantly influencing investors’ sentiment 

 

 Herding affect heuristic and investors’ sentiment 

The effect of herding is defined as an individual's behavior in the following directions or 

actions. Academic researchers as well as practitioners will always research the existence of 

herding in the financial market. Devenow and Welch (1996) and Sciubba (2000) found that 

behavioral pattern is associated with individuals. The of their own proposes to take various 

decisions, Banerjee (1992). Hirshleifer, Subrahmanyam, and Titman (1994) suggested that the 

tendency of investors to follow similar sources of information conveyed the market 

interpretation for taking the same financial decisions. Investor sentiment based upon their 

future cash flow of the security (De Long et al.1990) and investors' decisions is affected by the 

market price of the security and its high risk. It is the trend of investors to follow trends. 

Researchers analyze the variables that could contribute to herd activity in money managers' 

investment decisions(Lakonishok et al., 1992). A measure to quantify herding in stock 

markets is given by certain expertise (Hwang and Salmon, 2001). In developed and 

developing nations, the literature review provides proof of this bias in addition to in India   

(Caparrelli et al., 2004).  Lakonishok et al. (1992) and Liao et al. (2010) suggested that 

sentiment can be the cause of investors' decisions and it affected the emotional and 

sentimental factors. Given this, it finds the major evidence of the hearing and investors 

sentiment in the stock market. Based upon this basis, formulate the following hypothesis 

H2.  Herding behavior will be positively related to investors sentiment 
 

Figure 1: Figure for the hypothesized Model 
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3. Research Methodology 
The quantitative technique was adopted for investigating the influence of herding behavior 

and awareness effect on investors’ sentiment leading to investment decision making. In the 

present study, primary data were collected through survey methods using a structured 

questionnaire where the respondents who are the individual investors were selected using a 

convenience sampling method. The structured questionnaire consists of the two parts: 

demographic information, behavioral factors influencing investors’ sentiment like of herding, 

awareness factors and investor the sentiment was the factor investor sentiment is again 

divided into three parts such as investor participation, optimism and stock market outlook. 

The questionnaire was constructed using the concepts of the literature review. The 

questionnaires were circulated among 275 individual investors from the Karnataka region 

using the convenient sampling technique. Out of the 275 questionnaires, 215 were reverted, 

which means the answer rate is 78%, Out of these,15 responses were excluded because of 

incompletely filled. 200 respondents agreed to participate in the survey and are used for the 

final analysis. For obtaining client information researcher has approached a brokerage firm 

and acts as a mediator for the selected investors. The questionnaires were given through e-

mails, personal contacts and participate in the brokerage house. The questions were 

considered to be as brief and clear-cut to the point. The opinion and response of the investors 

are rated by the five-point Likert scale to be respondent on a scale of 1 to 5 indicating the 

extent of respondent agreement or disagreement to a statement which is aimed to recognize 

the factors which affect investors sentiment in stock market investors ranging from totally 

disagree to agree (1= strongly to disagree 5 strongly agree). The questionnaire contains 18 

items of which some have been adapted from Shiller, and Pound (1989), Vandhana Singhvi 

(2001). The remaining items have been developed by the researcher, through an extensive 

literature review, research objective, and research hypothesis. Through a process of reliability 

and the validity of the items, some items were removed from the questionnaire.  

 

4. Analysis and results 
The demographic information of the respondents is demonstrated in Table 1. It consists of 

marital status, gender, age, occupation, educational qualification, annual income and 

experience for this study. In the categorical variable, age was measured. Coming to the case 

of gender is a concern, male investors are comparably more as associated with female 

participation in investing. Men are ready to take the unwarranted risk for investment while 

female investors are more risk-averse to trading decisions (Barber and Odean 2001). 

Approximately half of the investors were in the 26-35-year age range (37 percent),28.28 

percent were 36-45, more than 55years investors were at 16.12 percent, and 12.02 percent 

range between 46-55 years old. However, the result shows that by analyzing the 

characteristics of survivors the age limits of 26-35 are more on an average of 36.07 and 

Haritha and Uchil (2017) are also supported in this strategy. From this observation, it can be 

said that young investors are more investing in the stock market. In terms of education level, 

Schooling12.16 percent had school education, Non-Graduate was 16.12 percent, 20.08 

percent had Graduate, Postgraduate was 24.18 percent, Others27.46 percent had finished other 

category of education. Over the highest income respondent of the investors made between 

5Lakh to 10 Lakh 27.19 percent of the investors and lower category into More than 20 lakhs 
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(12.30 percent). In the case of annual income, more investors are ranging from 5-10 lakhs and 

as experience is concerned lesser experienced individuals are more interested in investing. 

Table 1: Demographic information 

Demographic information Classification Percent 

 Less than 25 7.51 

Age 

26-35 36.07 

36-45 28.28 

 46-55 12.02 

 More than 55 16.12 

Gender Male 67.62 

 Female 32.38 

Marital status Married 72.54 

 Unmarried 27.46 

 Schooling 12.16 

Education level 

Non Graduate 16.12 

Graduate 20.08 

 PG 24.18 

 Others 27.46 

 Salaried 31.28 

Occupation 

Professional 20.36 

Business 12.30 

 Retired 16.12 

 Others 19.95 

 Less than5 Lakh 19.81 

Average Annual income 

5Lakh-10  Lakh 27.19 

10Lakh-15  Lakh 20.36 

 15Lakh-20 Lakh 21.36 

 More than 20 lakh 12.30 

Year of experience Less than 5 years 52.19 

 More than 5 years 47.81 

     Source: Survey Data 
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4.1 Model testing 

Structural equation modeling is an advanced method of the general linear model that helps 

investigators to simultaneously analyses a set of regression equations (Hair et al., 2006). As it 

is a 'dominant multivariate techniques' used for the social sciences it's still widely accepted. 

This also used methods of linear relationships between variables to be specified and estimated 
(Hair et al., 2006). Structural equation modeling is specially used in scientific theories 

because it helps understand how a set of variables defines them and how they are related to 

each other (Byme, 2013). SEM is a statistical tool that has several benefits in social sciences 

over others. 

 Partial least square (PLS) based structural equation modeling (SEM), the data were analyzed 

which is a variance-based technique of SEM. While covariance dependent SEM is a common 

approach, recent research suggests the increasing acceptance of PLS-SEM around through 

different disciplines (Hair et al., 2014). For the present study, PLS-SEM was selected for 

numerous reasons. Sosik et al. (2009) suggested that soft modeling tackles the issues of small 

sample sizes, emerging theory and subjective phenomenon interpretation that are popular in 

group and organizational study. A meta-analysis of PLS-SEM research studies from various 

areas of business found that most of the research use PLS for three key reasons such as small 

sample sizes, non-normal data and formative models (Hair et al., 2014). PLS-SEM has simple 

distributional assumptions without the expectation of a particular distribution pattern (Chin, 

2010; Henseler et al., 2009). Therefore, the concept of normality in PLS is not violated. In 

general, because of the limited sample size and the soft distribution assumptions, PLS-based 

SEM was used for the present study. WarpPLS 6.0 was the software tool used for the analysis 

of SEM. WarpPLS 6.0 is a new addition to the package based on PLS-SEM and has the other 

benefit of treating nonlinear relationships normally associated with behavioral data. 
Therefore, WarpPLS helps users to give a realistic image of the data. PLS-SEM incorporates a 

two-phase, results reporting strategy. The evaluation of the measurement model or the outer 

model is taken out in the first step by determining the validity and reliability of the constructs 

selected for the analysis. 

Earlier to exploratory factor analysis (EFA), testing of Univariate no normality test was used 

based upon the kurtosis and skewness. Amongst all variables, the extreme was 1.74 for 

skewness and 1.81 for kurtosis for each variable within the standard limits (Kline 1998). If an 

exploratory factor analysis (EFA) was employed to decide the factor structure, later normal 

distribution was testing. The varimax was selected for exploratory factor analysis. varimax 

rotation preferred depends upon the purpose of research and the requirements to minimize the 

huge number of variable to uncorrelated variables of the small number (Hair et al.1998) to 

apply the items of the factor analysis based upon the investors' sentiment and their factors 

affected in the stock market, it was essential to test the Kaiser-Meyer Olkin (KMO) measure 

of the adequacy of sampling (Zhang et al.2003). 

To determine the factor analysis methods, the Kaiser-Meyer Olkin (KMO) measure of the 

adequacy of sampling and Bartlett’s Tests are used. It is a statistic that shows the proportion 

of variance in the variables that might be affected by the reduction of factors.  Kaiser (1960) 

suggested a minimum value is 0.5 and the highest value is above 0.9. The result of this study 

obtained KMO value (0.827) shows that factor analysis is suitable for the data being used in 

the present study. Also, the significance of Bartlett’s test value of Sphericity is 0.000, it 

specifies that there is an important association among the variables. The result of the tests 
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supports that factor analysis is highly useful for this data. The value of Bartlett's Test of 

Sphericity is χ2 =5291.485; Sig.-0.001** which shows the hypothesis covariance matrix of 

variables and variance of items were rejected, hence factor analysis was suitable for this 

study. In the principal component analysis, the Eigenvalue of the four factors is greater than 

or equal to 1.0 (Kaiser 1960]), which describes the total of 84.38% of the variance. 

Each of the variables with a factor loading of 0.70 and higher only can consider 

Bohrnstedt and Knoke (1994). In the present study, all the considered variables are valued 

above 0.70 and they are more acceptable. The variables are then tested for availability and 

reliability in the case of validity acceptance, the items construct of reliability was assessed by 

calculating the coefficient value of Cronbach’s alpha. It indicates the internal consistency of 

the variable. Table 4 demonstrate that the values of an alpha range from 0.75 to 0.87, and the 

values are measured as great and beyond the value of recommended such as 0.70 (Nunnally 

1978). All the values of reliability are above 0.70 indicates a high level of internal consistency 

among each item of the construct. Estimation of reliability can be done by two assessment 

measures such as Cronbach’s alpha and composite reliability. It measures variation in the 

response of different variables that are consistent across the items in a measure, i.e. internal 

consistency reliability (Brown 2002). The reliability of the survey data was tested with the 

help of Cronbach’s Alpha method. Cronbach’s Alpha technique allows us to measure the 

reliability of various classifications. The Cronbach’s alpha is a degree of internal regularity, 

which is, the closeness of a group of items.  

Cronbach’s alpha and composite reliability are used to assess measures for the reliability of 

all constructs. It measures the degree of responses by using composite reliability which is 

suggested by (Hair et al 2006). If the value is higher than 0.8, then only scales indicate good 

composite reliability (CR). Convergent validity is mainly considered for checking all the 

related scales of every construct which are interrelated. It is indicated to estimate average 

variance extracted (AVE) and the value is equal or greater than 0.50 and composite reliability 

is greater than AVE (Henseler 2015). Therefore, the validity and reliability of the 

measurement model were confirmed. 

The structural model describes the associations among the latent variables in the study. The 

structural model in PLS-SEM is assessed using the explanation for the variance of the 

endogenous constructs (R2), predictive relevance of the model (Q2) and calculation of effect 

sizes (f2) (Chin, 2010). The proposed hypotheses are stated and tested along with all the path 

coefficients and the P values. Consequently, by analyzing the indirect effects, the mediating 

mechanism is also analyzed. In addition to those other results, WarpPLS also determines 

multiple model-fit indices, three of which are widely documented. These are average R2 

(ARS), average variance inflation factor (AVIF) and average path coefficient (APC) (Kock, 

2017). The AVIF value should be less than 3.3 explicitly for multiple-indicator frameworks 
(Kock, 2017). The model fit indices are especially useful for assessing the consistency of the 

model in case of multiple model comparisons. The P values for ARS and APC are to be 

substantial at 0.05 level or lesser (Kock, 2011). Coefficients of the path are measured as per 

their meaning, significance and relevance. PLS-SEM employs bootstrapping to measure P 

values, as when the data is not assumed to be distributed normally. Furthermore, WarpPLS 

describes non-linear associations between latent ones constructs specific to social science 

research and the automatic adjustment of the coefficient termed warping (Kock, 2010). 

Cohen's (1988) criteria are used for the estimation of effect sizes, with values of 0.02, 0.15 

and 0.35 representing the small, medium and high influence of the predictive variable on the 
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dependent variable. Table II represents the direct path coefficients. The findings of the path 

study demonstrate strong support for the associations between the study variables which 

provide proof to substantiate H1–H3 

 

4.2 Mediating effect 

For analyzing the mediating influence of investor sentiment on the relationship 

between heuristic and investment performance, the indirect influence was studied. WarpPLS 

automatically generates indirect effects that allow users to analyze the mediating effect 

directly without having to resort to intermediate order to calculate the conventional method 
(Baron and Kenny, 1986). WarpPLS combines Hayes and Preacher (2010) for nonlinear 

relationships and Preacher and Hayes (2004) approach for linear and for calculating the 

mediating effect. The total effect signifies the direct effect of heuristic on the result besides 

the indirect influence formed by the mediator. Table 2 shows the direct influence of the path 

coefficient. The outcomes demonstrate the direct and indirect effect of heuristic on investment 

performance. The direct influence of heuristic is substantial, and therefore, this is a case of 

partial mediation that can be inferred. 

 
Table 2. Direct path coefficients 

Path Beta values 

HE  →IS 0.426 

OC  →IS 0.354 

AN  → IS 0.289 

DE → IS 0.328 

IS  →IP 0.562 

HE; Herding effect, OC; Overconfidence, AN; Anchoring, DE; Disposition effect, IS; Investor sentiment 

 

4.3 The results of Direct and indirect variables 

Table 3 shows how independent variables have a direct effect on dependent variables.The 

outcome shows that the herding effect has a positive influence on investor sentiment (0.278 

P<0.01). The overconfidence has a positive influence on investor sentiment (0.224 P<0.01). 

The anchoring has a positive effect on investor sentiment (0.182, P<0.05). The disposition 

effect has a positive effect on investor sentiment (0.216 P<0.01 investor sentiment is a 

mediator between heuristics (anchoring, herding effect, overconfidence and disposition effect) 

and investment performance investor sentiment has also a positive influence on investment 

performance. The presence of direct effect provides support to the degree of the meditational 

instrument amongst heuristics factors (herding effect, overconfidence, anchoring, and 

disposition effect) and investment performance. 

In the case of indirect specific effects, the herding effect has a positive influence on 

the investment performance of individuals’ investors via investor sentiment (0.206 P<0.01).  

Overconfidence has a positive influence on the investment performance of individual 

investors via investor sentiment (0.186 P<0.01). The anchoring has a positive effect on the 

investment performance of individuals via investor sentiment (0.114, P<0.05). The disposition 
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effect has a positive effect on the investment performance of individuals via investor 

sentiment (0.156 P<0.01) 
Table 3. Direct and indirect effects of variables  

Endogenous construct Direct beta value 

without the 

mediator 

Direct beta value 

with the mediator 

Indirect 

effect 

Herding effect 0.278*** 0.206*** 0.072 

Overconfidence 0.224*** 0.186*** 0.038 

Anchoring 0.182*** 0.114*** 0.068 

Disposition effect 0.216*** 0.156*** 0.058 

Note: ***p<0.01 Source: Data analysis 

 

5. Discussion of the study 
This study observes the effect of heuristics on the individuals’ investment performance and 

the association is mediated by investor sentiment. The empirical findings validate this 

recommendation to a large extent: the behavior of individual investors makes reasons for 

discrepancies in the financial market, in brief heuristics causes investor sentiment. The 

heuristics cause of investor sentiment is obtained from a wide range of literature generated 

expending descriptive and experimental design showing individual heuristics in different 

conditions. The elements of heuristics- herding effect, overconfidence, disposition effect and 

anchoring are the main aspects that investors used in investment decision making to avoid the 

difficult procedure of making decisions. According to heuristic theory, Investors tend to bring 

strongly their decision regarding more latest information (Tversky & Kahneman, 1974). The 

herding effect shows the main role in the creation of investor sentiment and results in impacts 

of investment performance. Our results confirm that the herding effect heuristic is the largest 

subsidizing element to the construction of investor sentiment (coefficient = 0.426) and 

investor sentiment has positive substantial impacts on investment performance. In this model, 

the result recommended that investors' sentiment positively influencing herding behavior. 

Even though the result showing the nature of the relationship between heading and sentiment 

the values show the intensity of herding is illuminated by sentiment.in In the present study, 

the value of the variation which means heading intensity may explain all the factors other than 

those reflected in the model therefor Under certain circumstances the due to sentiments 

investors try to imitate other investors those who made a better output or who made successor 

through a specific decision making. 

This indicates that overconfident investors overrate their skills and knowledge due to self-

assignment, which leads to major reasons for deviating stock price. This hypothesis is reliable 

with Odean's (1998), demonstrating that overconfident investors are impractically optimistic 

for the future. Overall, they respond to the changes in the stock price over or under. Their 

perspective towards investment decisions renders the market inefficient. Overconfident 

investors seem to be doing excessive market trading intending to attain higher returns. Their 

irrational behavior consequently promotes them to assume that they can do it higher and 

thereby every time fulfill their investment performance. According to heuristic investor 

theory, relies heavily on stock selection information (Tversky & Kahneman, 1974), which 

results in stock price changes and commonly traded strategic goals that are an explanation to 

create investor sentiment. The strong linkage between the investor sentiment and the 
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investment performance demonstrates that not only do individual investors rely their 

performance on risk and return, and therefore satisfaction is also an important indicator. 

Standard finance supporters argue that the inadequate performance of Irrational investors can 

take them off the stock market. But the outcome of the study shows that irrational investors 

quite often operate on the market. According to heuristic investor theory, heavily relies on 

stock selection information (Tversky & Kahneman, 1974), which results in stock price shifts 

and common stock levels that are a purpose to make investor sentiment. This hypothesis is 

associated with Anderson's (2010) statement that relies on recent experiences to demonstrate 

investors' actions towards stock picking. They neglect the dynamics of stock in this context 

and make the economy inefficient. The strong association between the anomalies and the 

investment performance indicates that not only do investors base their decisions on return and 

risk and though satisfaction is an important component. Behavioral finance supporters argue 

that the poor performance of Irrational investors can wipe them off the stock market. But the 

effects of our study demonstrate that irrational investors also undertake on the market. 

The mediation effect of investor sentiment is major among all mechanisms of heuristics 

and investment performance, that assist the behavioral finance theory that investors are 

satisfied with their own investment decisions. Therefore The behavioral factors play a 

significant role in decision-making. In a way, investors used heuristics to choose inefficient 

market security and are satisfied with their investment decision. Wang et al. (2006) suggested 

that investors don't even have adequate investment skills and knowledge. Consequently, those 

who used various heuristics in investment decisions. Stracca, (2004) Contends that behavioral 

finance offers a method for understanding market fluctuations and consumer attitudes, and 

studies the validity of market beliefs in more detail. For such a cause, this study takes into 

consideration actual market beliefs that help us find out that the market will react in 

responding to investor decisions. Investors, but on the other hand, are happy with their 

investment performance in the context of the sentiment of customers since they have used 

heuristics effectively.  

 

6. Limitations and direction for research 
This study helps to improve the contributions to the investor's behavior and literature 

aspects, but the study has a limitation, the cost and the time constraints were the major 

limitations for doing the multi-city sample analysis and the sampling size restricted to a 

particular state so the result cannot be taken as a generalized one.  The study measured 

investors’ sentiment and the factors influencing the stock market. The result obtained may 

vary for a changing culture for another state or a country.  

This research limited the sentimental factors, in the future, it can be broadly extended 

to some more factors in decision making and incorporate how the sentiment can be affecting 

asset pricing and risk-return analysis. This study used variables built from pre-identified 

antecedent heuristics. Our results indicate that these antecedents only explain an amount of 

the variance in the heuristic concepts and the variable outcome. Several other factors may 

influence investor sentiment and investment performance like regret aversion, gambler 

fallacy, Framing. 
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7. Implications and conclusion 
This paper enhances understanding of the association between investment performance and 

heuristics in terms of individuals by conceptualizing mediation procedures. Investor sentiment 

mediators are used in the calculation of individual investment performance since the stock 

market is a mixture of buyers and sellers. Investor behavior makes investor sentiment that 

influences investment performance. The results indicate that various aspects of heuristics 

influence investment performance differently and that various components stimulate various 

types of techniques. By analyzing each heuristics component separately researchers gain 

insights that favor individual investors and financial institutions. The development of 

behavioral finance has been limited to emerging stock markets. This article gives outcomes 

that support us better to know markets in development. The effects of behavioral finance are 

widely applied for developed stock markets. This study is being carried out with the 

expectation of verifying the appropriateness of using behavioral finance with all types of 

securities markets. 

In this study helps explain different concepts that traditional finance has failed to prove, 

like overpricing, underpricing, herding behavior, solely focusing on the stock market and 

several others, thus trying to give an even greater understanding of the actual behavior of 

composite of the investors. This study also has implications for investment organizations that 

seek to understand and analyze heuristic behavior more rigorously and provide such investors 

with more credible consultancy data based on real-life behavior.  It helps policymakers 

understand better investors and develop policies that take these physiological factors into 

account to ensure the safe functioning of the economy. Before which policymakers regarded 

investors rational, however, the global financial crisis raised some important questions about 

this method and demonstrated a strong need for behavioral factors to be incorporated into 

general principles 

Findings drawn in this paper provide valuable insights to policymakers, investment 

practices, and academics. This study deals with a new perspective on the current debates of 

whether sentiments should be regarded as rational and irrational or long-term and short-term 

effects of investors’ sentiments and asset pricing and to provide a significant level of 

sentiment which is influencing stock market risk and return are analyzed economically or 

statistically. This work can be incorporated with the substantiation of herding behavior and 

overreaction (Ali et al 2001& Brahmana, 2012). The relationship between overreaction, 

sentiment, and herding is interpreted by (Kukacka & Barunik, 2013). This study adds to the 

importance of the role executed by heuristic factors affect investors’ sentiment and investment 

performance in the Indian stock market. Lakonishok, et al. (1992); Liao et al. (2010) 

resembles the findings that investment decisions making can be fluctuated by the investors’ 

sentiment. Researches in psychology established a correlation between investors’ decision 

making and sentiment. Mainly, the results of this study illustrate that it goes some way 

towards improving understanding of investors’ emotion and sentiment factors which influence 

on investment decision making Schwarz (2002), in a developing economy This research 

focuses on the idea that investor’s sentiment plays a mediating effect in evaluating individual 

investment performance. It shows that heuristics-based investor behavior creates an investor’s 

sentiment and impacts the investment performance. Because of this, investors need to 

recognize investor’s sentiment when making investment decisions using heuristics, since such 

investor’s sentiment will affect the performance of the investment. 
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It concludes from this paper that the investor’s sentiment does play a key role in the stock 

price determination in the stock market around the world and perfectly affecting stock price 

movement and decision making. Since a majority of investors are irrational, there is a huge 

problem in the actual balance of demand and supply of stock prices and in-turn it reflects the 

wrong picture and ultimately rational investors analysis may go wrong with such sentiments 

of the investors. It has been proved that on a major basis all investors are not rational 

investors because they lack the basic characteristics to become an actual investor or an 

investor with the perfect knowledge and capability to understand analyze and predict the stock 

market and its fluctuations. The result normally paints a picture of the behavioral part of the 

variables, which reflect investors’ sentiments and decision making. Based on the theoretical 

framework of this study that human beings are organized in the market, and these markets are 

affected by price movements of Sentiment at various rates due to different reasons and 

different levels of items. The current research opens new insights on investors’ sentiments 

literature, firstly, it illustrates the herding variables which is influenced by the investor's 

sentiments and their decision making items and originated investors' optimistic and 

pessimistic conditions of the behavior. Secondly, in empirical analysis, the study examines 

media social interaction and advocate recommendation are affected by investors sentiment 

analysis on the Indian market. This study provides a sophisticated heterogeneous influence on 

sentiment in the Indian stock market. 
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